Introduction into SPSS

 The objective of this deck is to provide you with a how-to-guide about the
most common analyses you will likely conduct with SPSS.

What this deck is What this deck is NOT

» An introduction to SPSS » An exhaustive guide to SPSS

» A source of initial exploration for » A guide on advanced SPSS
SPSS analyses

» A how to guide to the most » A statistics-heavy deck

common analyses » An obsolete deck (please

contribute your knowledge to the
guide!)*

» In addition you should use the SPSS online help function



What is SPSS?

« SPSS is a computer application that provides statistical analysis of data.

- It allows for in-depth data access and preparation, analytical reporting, graphics and
modeling.

- Its statistical capabilities range from simple percentages to complex analyses of variance,
multiple regressions, and general linear models.
« The many features of SPSS are accessible via pull-down menus or can be programmed
with a proprietary syntax language.

- Syntax programming has the benefits of reproducibility and handling complex data
manipulations and analyses.

- Although Syntax language can sound intimidating, it is very easy to use.
« SPSS datasets always have 2-dimensional table structure where the rows typically

represent cases (such as individuals or households) and the columns or variables
represent measurements (such as age, sex or household income).

« SPSS can read and write data from ASCII text files, other statistics packages,
spreadsheets and databases.



What does data in SPSS look like?

e There are four main views in SPSS.

The Data View
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The Variable View

EHAE b =k s cEEr BER 5@

Ecucation |Mumesic 0216 Hghes! | (29,99, 1A) . 2999 6.0, -

0212 Employ_(99.99, NA}... 2999, -6.00, -

Mame |  Typs | Widih | Decemals | Lsbel | ‘akies | Missing | Coumns | Abgn | Measur

[l E— Faspunderd 0 Nore EE] a 7 Scale
2| Seqment _ Humerc Gaming Seqm [1, Incidertal | None 7 Bight  Nomins

st |Mumesic 0340 Which w 56,93, 1A | 98,90, 8010, 12 gt Scale
gambiing | Mumesic 030 Amaurt None 99 99, 909399 12 Figt  Scale
fond e 0835_1 Mane Nona 98 99, 993303 Fight  Scala
hotel [Humeric 06352 Mane Norw 2090, 900990 Figh  Scale
i 06353 Mone None 9.9, 900903 8 Figh  Scule
sheppirg | Humesic 0635 4 Mane None EEX- g Scele
other | Humesic 0835 6 Mane None 96 99, 90950 gl Scale
totspend | Mumesic Totl Bpen foroe Hone 0 Fgt  Scale
income | Mumeric 0232 Total ho (5999, 1A | 9899, 600, 14 Fight  Scale
Gonder | Mumeric 0102 Gender (5999, Na) | 3859, A0, 3 Fight  Scala
. Mumeric 0105 Ago Co_Nons =m Fighl  Scale

a
a
a
G405 Aladan- (99,99, 1A} 9990 a
Q405 Balys- (9999, 1) 9990 a
0405 Ballagio (59,99, Naj. 3850 a
0405 Cansars [.50.99, Naj 3850 a
G405 Circus © 99,59, 1A 3998 a
A0S Excatbu (9950, 1A) . 399 a
405 Flaring (9.9, 1A} 9990 a
405 Goiden (9,99, 1A} 9990 a Figl Scae
0405 fard o (99,99, 1A) . 9990 a
405 Hamahis (9999, NAY. 9990 a
0405 Lss Vg [.59.99, NAj 3850 a
G405 Luvor - L9950, 1A] . 3990 a
405 Mandala (99,50, 1A] . 99,90 a
Q405 MGM Gr (5999, A| . |89 59 a
Q405 Mirage - (99,99, A| . | 89.99 a
Q405 Monte C (99,99, NA| . |89.99 a
A

Nerw Yor (99 89 NAL 9899
View, I £}

528 Prosess i resdy Wik O

"

i Syntax1 - SPS5 Syntax Editor
File Edit Wiew Data Transform Analvze Graphs Utilities Run Add-ons  Window Help
CHAE & Bxb A » @0 &
GET
FILE="C:\Documents and SettingsijaguilanDesktophSPESexample File_Harrahs'+
gav'
DATASET NAME DataSet1 WINDCOYW=FRONT.
FREQUENCIES
WARIABLES=Segment
JORDER= AMALYSIS |

SPSS Processor is ready



What is the Data View?

« Data View is arranged in a spreadsheet format that contains variables in

columns and cases in rows.
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Click on “Data View” to access this screen
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What is the Variable View?

« The Variable View window contains the definitions of each variable in
your data set.

Coffee Consumer Research - in class exercise.sav [DataSet1] - IBM SPSS Statistics Data Editor
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Click on “Variable View” to access this screen



What is the Output View?

 The Output View is where you see the results of your various queries
such as frequency distributions, cross-tabs, statistical tests, and charts.
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How do | run a correlation?

« Analyze - Correlate - Bivariate...
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The bivariate correlation is for
situations where you are interested
in the relationship between different
variables (e.g.could be run before a
factor analysis)

To obtain correlations, click on the
variable names in the variable list
on the left side of the dialog box.
Each variable listed in the Variables
box will be correlated with every
other variable in the box.



How do | interpret the standard correlation
analysis output?
« A correlation coefficient has a value ranging from -1 to 1. Values that are closer to

the absolute value of 1 (or -1) indicate that there is a strong positive (or negative)
relationship between the variables.

Correlations
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dealers hrand am hrand high quality
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This positive correlation
coefficient (.400) indicates
that there is a statistically
significant (p < .001) linear
relationship between these
two variables



How do | run a factor analysis?

* To run the factor analysis you must first select the variables you want to
analyze.
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How do | run a factor analysis?

* There are different methods of extracting the factors from a set of data.
The following screenshots will show you the most common settings*

Wariahles:
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e . » There are several different types of factor analysis, with
VIE Diizplay ) . . .
® Corretstion mtrix [+ Unroteted!factor solution the most common being principal compo_nents analysis
© Covariance matrix [ seree plot (PCA). Other available methods are unweighted least
squares, generalized least squares, maximum likelihood,
Feet principal axis factoring, alpha factoring, and image
@Base_d on Eigenvalue f t .
Binenvalues greater than: ac Orlng'
e » You can either retain all factors whose eigenvalues exceed

Factors to extract: L. .
a specified value (e.g. commonly used value is 1), or you

can retain a specific number of factors. The eigenvalue for
a given factor measures the variance in all the data which
Maximum terations for Convergence:

Is accounted for by that factor.
(cortrwe ] cancet J[_re |




How do | run a factor analysis?

* There are different methods of extracting the factors from a set of data.
The following screenshots will show you the most common settings*

Wariables: W
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| . Factor Analysis: Rotation
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- Equamax

» Rotation serves to make the output more understandable and
Is usually necessary to facilitate the interpretation of factors.

» Avarimax solution yields results which make it easier to
iIdentify each variable with a single factor. This is a common

rotation option.

rDisplay

. Rotated solution D Loading plotis)

hzimum terations for Convergence: |23

(contiue) (cance J[_ten )




How do | run a factor analysis?

« How can | get a more readable output?

» By default SPSS will list the variables in the order in which they are entered into the data editor.
Although this format is often convenient, when interpreting factors in large outputs it can be useful to
list variables by size or suppress values less than a specific value.

¥ Factor Analysis: Options

rhlizzing Yalues

@@ Exclude cases listwise

©) Exclude cases pairnise

@] Replace with mesan

Coefficient Di=zpl=

7| Saorted by size
( |:| Suppress small coefficients

Wariables: W
% Zegment Membersh. . ﬂ % Coffee Consumption [...
&) Gender [C2] &) The opinion of cthers i... W
& e [6] &5 | know & 1ot shout coff...
% There is no real diff ... E] L&) It iz itmportant to me to ... |
&) | like trying out new ...

&) | am willing to pay m...
% tis important to me .
[ e "

» The Coefficient Display Format allows you to control aspects
of the output matrices. You sort coefficients by size and
suppress coefficients with absolute values that are less than
the specified value.

» This makes the output easier to read by removing the clutter of
low correlations that are probably not meaningful anyway. A
common value is 0.4 or less.



How do | run a factor analysis?

« Rotated component matrix solutions are clear and simple to understand.

Rotated Component Matrix=

Compone

5 ]

| like trying out nesy things
(i.e. new flavars) ofthe
birands that | already use
| like trving out nesw coffee
product brands

Abroad selection of
flavors and degrees of
holdness is important to
me

| am curious, like making
new discoveries and
learning new things.

| drink coffee to indulge
rmyself

| drink different coffee
products at different times
of the day (e.qg.
sometimes with and
sometimes withouot milk)
Style, design and fashion
are important to me.

| arm a trend setter

| like to see and be seen.
Coffee machines must
match the rest of my
kitchen (e.n. design, colar,

e

B35

B03

470

410

i

J13
J03

BT

The high loadings indicate
that these variables are most
associated with Factor 1

Naming the factors help
interpretation and
explanation of output (e.g.
factor 1 = “gambling
excitement”)

Values range from -1 to +1

Magnitude is the key to
understanding the factors, so
.703 is as important as -.703

Loadings below .4 are often
ruled out for analysis



How do | save factor scores?

i, *Coffee Consumer Research - in class exercise.sav [D3
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How do | identify like groups of respondents (Clustering)?
K-means approach

« K-means approach is often used for clustering data

B , ; - With kmeans Clustering
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1 227385 5.5  Generallinearbodel M oy 4. Agree 3- Neit.. 2-Disa.. 2-D | P ASSIgn respondents to
206800 £-g  CeneralzedLinesrModelS | anee £ Stro. 5- Stro.. 5- Stro.. 2-D cluster/segment
232633 4.4  Miedbodsls b LAgree 3-Neit. 5-Stro.. 5-Stro. 4- _
420511 4.4 orrelte " | agiee 4-Agres 4-Agres 5-Suo.. 4-4 | » Describe each
472172 4o 4 Beoressen " Lagree 4-Agree 4-Agree 4- Agree 3- 1 cluster/segment
5| s7mee 5.5 2 N TR Y-
470670 4-4 E:::j:iun Reduction : @Twugw il §-5tro..|5-2
420025 4-4 0 . EBl -Mieans Cluster... 4-Agree 3-1 | |f you have many variables k-
III 4214583 4 - A En;parametric Tasts , ﬁﬂﬂlerarchlcal Cluster ... 4 - Agres 3-p means may not be
224400 4-4 pyecasting y | Emee.. 4-Agree 3-1 | gppropriate: hence factor
28I 44 i » | M Discriminert... 5-Sto.. 4-4 | analvsis can be used before
277 A8 wutipleResponse 1 | [ earest Neigror.. 4-Agee2-D 1 means to decrease the
476515 & - 5 Qualty Cortrol p [ AQrEe] 4- Agree 4 - Agree 4 - Agree 2-D “dimensionality” of the data
421581 4- 4 Eroc curve.. Stro... 5-Stro.. 5-Stro.. 5-Stro.. 5- & y
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How do | identify like groups of respondents (Clustering)?
K-means approach

* To run the cluster analysis you must first select the variables you will use
to group respondents

1 K-M Cluster Analysi x .
» SPSS uses an algorithm to group

iaiishics —— respondents based on their answers to
|&5 RESFID [RESPID] |ﬂ &% @1 1 \When buying a boat, | do = It | the questions you selected
———

&% @1 6 Owning & bo... &% @1 2 When buying 2 boat, getting th ‘
& o _F_Cwvning & ba... & 1 _3_The brand of hoat | buy says a..
& 1 _& When buying... E & 1 _4_| only consider buying a boat ..
& 21_9 | =ee my bost... & Q1_5_|am wiling to pay a premium f...
& o110 When buyin...
& @11 _Jtendto per ...
& 12 Whenitco.. |

» You can also ‘save’ the cluster
membership so you can tell which
respondents fall into which group and
you can do further analyses. The cluster

membership will be added again after the

last column of your data.

Label Cases by:

Mumber of Clusters:

@ fterate and classify © Clazsify only

rizluster Centers 1
[] Read intial:

® oven cetaset Select the
@ External data file File.. n u m ber Of

[T wirite final:

@ Now dotoset clusters

B Data file File:... ‘

(Lo J[(psste | e ] cance || 1o (cortiue ) concel J|_tew |

. K-Means Cluster: Save... H

k-Means

[ Distance from cluster center

|:| Eguster memhershipﬁi




How do | identify like groups of respondents?
K-means approach

* The Cluster output will tell us how similar our respondents are if we need
more or less clusters based on the distance from the cluster center and
the number of respondents in each group.

Final Cluster Centers

Cluster » Run several analyses with a different
1 2 3 4
TR number of clusters then choose the best
Feel iting, G.Aa0 7.96 472 B.91 1
it onorgy solution
Q505_2 How important: .
Feets Ik, ke peorle 6.42 .01 468 750D €-------------- » Look at the cluster centers to see if you
Q505_3 How important: have unique segments
Feels comfaortahle 187 B.90 .05 8.63 q g
ESa'ng-a‘f: E“f':v‘f;mg?:}femriw 2 - . 78 » You want to see differences across the
friends ' ' ' ' segments on at least several questions
CE05_5 How i rtant: | H H
Wnuld—desg‘r’}’b'g”gg an s a7 <5 543 . so you know there is a difference across
upscale segments
@505_6 How important:
|5 in a comvenient lacation 713 B.08 B.99 744 H
. _ » Look at the number of respondents in
@505_7 How impoartant:
Ic—:ﬁsscasinus in multiple Number of Cases in each Cluster _. each cluster to see if they are distributed
04055 How important Unweighted | Weighted gl across segments
ppeals to pepplellke me CII_ISter 1 313 |:||:||:| 1153 13]}/ .
fpﬁpn.faﬁgs ﬁuﬂéﬁﬁgﬁfenut ' \, - » If your clusters are heavily skewed
gamblers 2 286.000 |, 198164 towards one or two groups you may not
g:pﬂ;ﬁLDmenl\aU\!mpm‘[ant 3 211.000 B27.604 have enough C|USterS
collatworking-tlass 4 140.000 451.462
people i
0505, 11 How Importart: Vglld_ 9R0.000 3431.360
Appeals to ayounger Missing I 120,000 | 469 44945
cronmd




Which Segmentation Solution is Better?

« Compare these two cluster analyses and decide which solution provides
the most difference across segments.

4 Cluster Solution 5 Cluster Solution

Cluster Cluster
1 ] 4 1 3 4 a
Q505_1 How important: Q505_1 How important:
Feels exciting, G50 795 472 591 Feels exciting, 572 6.68 6.66 343 8.26
high-energy high-energy
Q505_2 How impartant: Q505_2 How important:
Feels lucky, like people G.42 3.01 4 68 7.40 Feels lucky, like peaple 5.74 6.29 714 346 8.23
are winning are winning
@505_3 How important: Q505_3 How important:
Feels_comfor‘tablpe T.67 .80 7.05 8.63 Feels_comfonabrle 7.48 7.62 9.26 6.51 9.06
Q505_4 How important: Q505_4 How important:
Is @ place would take rmy 7.23 g.55 6.27 778 Is a place | would take my 6.78 7.23 7.82 4.36 8.82
friends friends
Qa05_5 How impaortant: | Q505_5 How important: |
walld describe as 547 7.59 4.43 .51 would describe as 527 6.71 5.80 3a2 7.87
upscale upscale
QE05_E How important: :
Isin a_cunvenien?mcatiun [AE: 8.06 B.59 749 ﬁigﬁa_cﬁom\?;:;nnﬁ::arli‘..un 7.1 6.93 .44 4.98 8.32
@a045_7F How impartant: Q505_7 How important:
Has casinos in multiple 314 4.48 245 2.89 Has casinos in multiple 263 2.94 3.24 1.88 4.86
cities cities
28058 How important: i -
Appeals to peaple like me T 843 262 i et 6.55 7.28 7.88 4.38 878
245059 How impoartant: Q505_8 How important:
Appealsta experienced 4.87 B.37 3.84 5.88 Appeals 1o experienced 4.50 4.88 5.39 2,78 £.69
gamblers gamblers
§5”5713H§|W‘mp°”a”t Q505_10 How important:
ppeals to blue
collarhworking-class 481 6.49 3.48 467 o ass 395 457 5.40 234 665
peaple people
250511 How impartant Q505_11 How imporant:
Appeals to a younger 4.88 5.68 374 457 Appeals to a younger 3.99 512 467 3.02 5.06
cronwd e




How do | profile clusters?

 Once you have finalized the clusters you can easily profile them with
some descriptive statistics. It may be better to do so instead of using the
output of cluster analysis indicated in the previous slide

» From the menu, select Analyze -> » Click once on Segment, then click the right arrow
Descriptive Statistics - Crosstabs next to Column(s) to move the variable to the

Columns pane.
Transform  Analyze  Direct Marketing  Graphs  Utilties  Add-ons Window H

» Now move the statements to the Row(s) pane.
I w o 18 BRI GG BR. Cjckok
Descriptive Statistics M| [ Frequencies z=zzz: '
Ty e g Descriptives... HEsS
.. Murmer Compare Means 3 . Row():
Mumeri General Linear Model k A Sl =1 i & Gender (a2 F & is important toret... o
N D8 Crosstabs. &b Age [03] &5 There is no resl diffe... —
Murmeri Cemerelmer Uneey etz L nger .. M & Coffes Consumption ... 0 vt s [ c |
Murneri Mixed hodels 3 Ratio... Sralt . R & The opinion of athers ... Columnis): m
Murneri Correlate r | PP Flots... rangl... I % Iknow & lot about cof... - & Segment Membership [S... :
. . | am willing to pay mo... l? -n:. u
Murneti Regression b | Ela-ores.. rongl... I &b tis important to me to...
I Anlifnear e [ A . . &) | weould go to snother .. ~Lavyer 1 of 1
&) | like: trying out newy the
% | alwvays buy high gu... Previous Mt
» Remember that cluster membership &b | only buy coffes mac. .
h Id h d b d d t h Id &Ialways buy the coff .. -
snou a een saved, and It shou & I orly buy coffee mac. .
appear at the end of the data (last &b 1 only buy coffes mac... <
colum n) B Cizplsy lsyer varishles in table layers

|:| Dizplay clustered bar charts
[] suppress takles

(Lo (eeste ) (eset ) concal] _tien |




How do | profile clusters?

* You can also use percentages in crosstabs to understand the frequency
distribution or e.g. Top 2 box percentages by segment.

» After selecting the variables that will go into » This will result in the following table that also
Rows and Columns, click on the Cells shows you the percentages WITHIN a segment:
button.

» From there, check the Column box under
Percentages. Click on Continue

alw buy the coffee machines and coffee products with the lowest price * Segment Membersh
. Crosstabs x diiond i P Y
Segrment Mermbership
e S S o : : : :
&b Gender [32] = &5 tis impartant ta met... [= — rongly disagree  Count 51 167 73 B
&b Age (03] # | | & There is no real ditfe... m . % within Segment 9.4% 36.0% 19.8% 3.2%
&,C ff C H IQ_ I lilem donaimm =ik s = IT [ ] : MemberShlp
offes Consumption ... | Cells.. | ® "7 Disagree Count 156 188 143 &7
& Tre o o cvers B dowithin Seoment | ogw | 463w | 3% | 266%
[ T ; Mernbershi : : : :
&) Seament Membership [S.. p
) - 3 Meutral Count 196 62 118 79
~Percertages Resziduals o within Seament
) Membershig 36.2% 14.5% 3.2% 31.6%
[ R [ Unstandardize] aver 1 of 1
I:l |:| 4 Agree Count 108 1 a7 g5
Column Standardized ) ithi
|[L& 2 Fravious hast ﬁe":rmr:sshfgmem 20.0% 2% 9.8% 34.0%
D Iﬂtal D Edjusted stan A Strongly agree Count 30 0 a 11
% within Segment
) ) -y : 5.5% 0% 1.3% 4.4%
rMoninteger Weight= Mernbership
@ Count a41 428 378 280
Found cell counts Found caze v o within Seament
B _! Dizplay layer variahles in table layers Membershig 100.0% 100.0% 100.0% 100.0%
Truncate cell counts Truncate casy :
Mo acjustmerts
Top 2 Box: 25.5% vs. 38.4%
i =te Reset Cancel Hel
(e ) i




How do | profile clusters?

« Another useful tool to help understand a segment solution is the
Compare Means procedure. In this analysis you also can use standard
deviation, Sum, Range and other statistics.

» From the menu, select Analyze >
Compare Means - Means

n class exercise.sav [DataSet1] - IBM SPSS Statistics Data Editor

Analyze  Direct Marketing  Graphs  Wilties  Add-ons Windowe  Help
e |0 ) B2
Descriptive Statistics 3 ez
Tables 3 Label “alues il
Compare Means g m Means.

General Linear Model k D ol T T

ne-Sample T Test...
Generalized Linear Models  F —
i Ined dent-Samples T Test..

Mixed Madels b MEEPENCEML-=amples 118
Correlate b Paired-Samples T Test.
Regression k One-Wary SNOWA
Loglinear M ls important t... {1, 1 Strongl... Mone
i | Metwark r .

Fural et ere is no real... {1, 1 Strongl... MNone
Clazsify r

A o ' k1

Select the segment variable as the Independent
variable and the brand attributes as the dependent

variables.

Under Options you can choose from a list of different
statistics. From there, click OK.

&5 Gender [22]
&b Aoe (@3]
&) Coffes Conzumptio...

&) would go to anoth...

&) | always buy high q...
A Al b e fee

&) The opinion of other ...
&) | like trying out new ...
&) | am willing to pay m..
&) It iz important to me ...

&) | like: trying out nesw ..

1

-

Depencient List:

% | kmaver & lot about cof ... %

& t iz important to me to... [
= 1

Layer 1 of 1

Previous

-

hext

Independent List:

&) Segment Membershin [..

| Ok, I Pazte Reset || Cancel HeIE

Statistics:

Fﬂedian

| Y

Grauped Median
Std. Error of Mean
Sum

hdiriimLim

Mz<imuim

Farnma

Cell Statistics:

Options...

Mean

Mumber of Cazes
Standard Deviation




How do | profile clusters?

 This will result in the followinqg table:

Report
The opinion | knowe & lot

of others is ahout coffee Thereis no | arm willing
importantto products and ltis important | real difference pay more fi
me when it rmake rmy tome to hetween the coffee bran
deals with decisions purchase the various Ilike trying out | that ! have ¢
the purchase hased on my coffee hrands for new coffee emaotiana
of coffes | products that | coffes product relationshi

Segment Membership machines knowledge grew Up with products hrands wyith
1 Mean 291 2.93 233 2.349 337 2.
M 541 a41 541 a41 a4 a
Std. Deviation 1.083 474 878 1.0449 876 1.0
2 Mean 278 354 214 1.61 379 3.
M 428 428 428 4248 428 4
Std. Deviation 1.081 824 1T BT H26 11
3 Mean 2493 2.91 222 2.00 3.44 3.
M 78 78 378 ara are 3
Std. Deviation HE0 404 B35 1.000 .8a7 1.0
4 Mean 318 2.97 210 1.98 370 2.
M 250 2580 250 240 240 2
Std. Deviation a5 BT73 821 LaG 848 11
A hean 248 3.39 1.95 1.85 3.59 2.
M 205 205 205 204 205 2
Std. Deviation 1.107 Baz 833 1.088 H64 1.0
G hean 2452 304 1.93 1.77 317 2.
M 148 1498 188 1498 1498 1
Std. Deviation 1116 Bad4 BaT 847 1.112 11
Total hean 285 a1z 216 1.498 3.52 2.
M 2000 2000 2000 2000 2000 20
Std. Deviation 1.085 834 824 1.031 861 11




How do | run a binary logistic regression?

 Let’s understand which variables are good predictors of “Purchase”

m From the menu, select Analyze -

Regression - Binary Logistic

b Segmentation - case ALL YARIABLES.sav [DataSet1] - IBM SPSS Statisti

ransform  Analyze Graphs  Utilities  Add-ons  WMincdow
g W Reports 3 B y
Desctiptive Statistics » = . Logistic Regression
Tables 2
= ol Compare Means 3 - Y
:| Q1 e D14 | 15 | Q1B | af & G12_HOUSEHOLD .. ||
3B 55 General Linear Model - b | 5y | 4. Agree| 3- Meit..|2-D ol 13 Are vou now ..
190 5- 5 Generalized Linear Model® | apren 5 Stro.. | 5- Stro.. 5- € ol 14_current Emplo..
333 4. A Mized Models 3 Agree| 3 - Neit.. 5-Stro.. 5-C gm 5_Agein cluster ..
Q16_Mame ofthe B...
11 4- A4 Lorrelate Pl mnree 4 Anree 4 Adres £ & -
Regression b E o ) Q161 1z abrandt...
172 4- A = Avtamstic Linear Modeling. y Q16 2 Has best in-
Loglinear 3 -
08 5- 4 = E Linest ... & @16_3_Has & stron...
- Classify 2 ;
370 04- A = i e Bl f 216_4 |z aleaderi..
Dimenzion Reduction 2 = f @16_5_|z a leader i...
125 4-4 Scale 2 Pl L 2! SETES- f Q16_F_ls knowwn fo..
153 4- A e b | [ Binary Logistic... & Q16 7 Is abrand ..
100) 4-4 Forecasting > Muttinomial Logistic... ¢ @163 s agoolbr..
/e 4- 4 . f @16 9 s abrand | .
Survival 2 - L
177 4 A = Ordinal... & 16 10 Oftersbo... =
B uttiple Response » .
18 5. d ] prait...
) Guality Cortrol 4 —

m Chose the variable “Recommend” as the dependent

variable.

= In the Independent(s) box, several predictor variables
have been entered, e.gQ16

Dependent:

Catecorical...

s 1l @17_Recommend [@17]

rBlock 1 of 1

Previous MWt
Covariates:
G16_1 -
. G162
- o
e GiE_4
= GE_S B
Method:  |Enter ~ |
Selection Variahle:
- | | Rule...

| [8].4 I Paste Reset Cancel HB|E

Save..

Options...

It

m The box labeled Method allows you to select from
one of five methods: “Enter” is the standard approach
In regression models.



How do | run a binary logistic regression?
 How do | interpret the output?

= "Outputh [Ducumentﬁ] - IBM SPSS Statistics Viewer

File  Edit “iew Data Transform  Insert  Format  Analyze  Graphs  UWities  Add-ons Window  Help

SHER A e~ FELE Q@ ¢
««» += B8 =SQ=

Output 4. The cutvalue is 500
LE Log
~{E] Logistic Regression
....... Title Variables in the Equation
i) Notes B SE. Wald df Siy. Exp (B)
"""" Active Dataset Step1° Q161 040 044 823 1 364 | 1.040
"""" L§ Case Processing Summ Q16_2 208 060 | 12,166 1 ooo 812
------- @ Dependent Wariable Enca - - : ' : :
- E Elock 0: Eeginning Block Q16_3 o7 068 061 1 805 1.017
------ Title Q16_4 -.079 068 1.361 1 243 824
------ Lg Classification Table Q16_5 om7 064 070 1 782 1017 |
...... i i \
%Va”ah'es inthe Equ 016_6 -.082 070 1.375 1 s 921 \
------ Wariables notinthe
Q16_7 -016 068 058 1 808 CLE \
=[] Blogk 1: Method = Enter Q16_8 101 064 2.480 1 115 1 1u; "
""" e Q16_9 .1 40 .051 5'235 1 .nzz 1.1 50 R ’ EXp(B)
% E;nunelrgirlﬁ;swmm Q1610 -21 3 -05? 14.035 1 -nnn 1-238 \\ shows you
f : - ’ ’ . ’ ’ N
+Lg Classification Tableﬂ Q16_11 -.091 082 3.065 1 080 913 N the
""" Lg variables inthe Equ Q16_12 166 054 9.616 1 002 1.181 « importance
Q16_13 -140 060 5.497 1 018 B70
- of each
Q16_14 112 072 2.444 1 18 94 ]
variable




